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A clock bias data fusion method for GNSS common-view time transfer

WEI Ji-ping, LI Jing-yi, WANG Kai-xuan, TANG Sheng®
(School of Information Science and Technology, Northwest University, Xi’an 710127, China)

Abstract: To meet the data fusion requirement of discontinuous multi-source clock biases (the biases
between the local reference time of the stations and the satellite clock) in GNSS common-view time transfer system,
a data fusion method using a centralized fusion structure is proposed. Specifically, the Hampel filtering algorithm
is used to eliminate the singular values in the observation data and fill in some missing values of clock biases; The
clock bias fusion is realized using the weighted average algorithm of dynamic weight distribution; Kalman filter
or a-p filtering algorithm is used for tracking filtering to generate the final value of clock bias fusion. The
simulation experiment results show that the data fusion method in this paper can effectively suppress the error in
the observation process and output a set of biases between the stations and the satellite close to the true value,
which is suitable for the fusion processing of satellite clock biases data, and also provide referring ideas for other
discontinuous multi-source data fusion applications.
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